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Article

With income inequality rising to historic levels (Piketty 
et al., 2017), the consequences of inequality have become an 
increasing concern for psychologists. Most studies in this 
area have focused on identifying psychological correlates of 
inequality, but correlational evidence begs the question of 
causality and, as a result, researchers have begun exploring 
experimental methods to study inequality’s effects (e.g., 
Côté et al., 2015; Hackel & Zaki, 2018; Nishi et al., 2015; 
Payne et al., 2017). The present research builds on these 
findings by employing experimental methods to investigate 
the hypothesis that economic inequality increases social 
class-based stereotyping. To this end, we developed and vali-
dated a novel method for manipulating exposure to economic 
inequality. Unlike past manipulations that have induced 
direct awareness of economic inequality (Côté et al., 2015) 
or created microscale resource inequalities between partici-
pants (e.g., Hackel & Zaki, 2018; Payne et al., 2017), our 
method attempts to capture one aspect of the lived experi-
ence of inequality by systematically manipulating exposure 
to relatively equal versus unequal social groups. Through 
this procedure, we demonstrate the first causal evidence that 
exposure to socially signaled inequality amplifies one major 
social class stereotype: the association between the perceived 
socioeconomic status (SES) of visual targets and their per-
ceived competence.

The Competent Rich and Warm 
Middle Class

Social class stereotypes abound in social perception and the 
culture at large, and occur for both the warmth and compe-
tence dimensions, which are theorized within the stereotype 
content model (Fiske et al., 2002) to be the two dominant 
domains of human stereotyping (Fiske, 2010). Of the dimen-
sions, the most robust social class stereotype is a positive 
association between class and competence. The perception 
that individuals of higher social class are competent appears 
as early as elementary school (Woods et al., 2005), has been 
shown to be very difficult to suppress even through incen-
tives (Oh et al., 2019), and has been observed across differ-
ent samples, measures, and cultures (Caprariello et al., 2009; 
Cuddy et al., 2009; Durante et al., 2013; Lott, 2002). 
Illustratively, Durante and colleagues analyzed data from 25 
different European, American, Asian, and African countries, 
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and found that high-status groups (e.g., “the rich,” “white 
collar workers”) were consistently rated as more competent 
than low-status groups (e.g., “the poor,” “the unemployed”).

Social class also impacts stereotyping on the dimension of 
warmth, although this association appears more complex, 
and at present is less clear. A number of studies find that the 
rich are perceived to be low in warmth (e.g., Christopher & 
Jones, 2004; Christopher & Schlenker, 2000). Yet, there is 
also evidence that the poor are perceived to be low in warmth 
(Cuddy et al., 2009; Fiske et al., 2002). This suggests a more 
complex “inverted U”-shaped relationship between social 
class and perceived warmth, with the middle class consid-
ered warmest and the rich and poor stereotyped as less warm.

Inequality and Social Class 
Stereotyping

A number of theoretical perspectives suggest that exposure to 
economic inequality may amplify social class stereotypes. 
Kraus and colleagues (Kraus et al., 2017) have argued that 
social class stereotyping is in part a consequence of social 
class signaling—the way social class is communicated 
through speech, dress, preferences, and other social behav-
iors. When economic inequality is high, these authors suggest 
that such signaling becomes more prevalent and psychologi-
cally salient, thereby increasing social class stereotyping.

Another account of how inequality might influence social 
class stereotyping was proposed by Durante and colleagues 
(2013, 2017). Drawing on system justification theory (SJT; 
Kay et al., 2007), they proposed that social class stereotyping 
responds to changes in inequality chiefly because it func-
tions to rationalize that inequality—if inequality increases, 
so too does the need to rationalize it through social class ste-
reotyping. In addition, Durante and colleagues theorized that 
inequality produces ambivalent social class stereotyping. 
While the rich are perceived as more competent than the 
poor to justify each group’s relative wealth and status, the 
poor are perceived as warmer than the rich as a form of social 
compensation for their lower wealth and status. Consistent 
with this, Durante and colleagues observed nation-level 
income inequality to be linked to more ambivalent stereotyp-
ing of high- and low-class groups across 27 countries 
(Durante et al., 2013). In more unequal countries, high-status 
groups, including upper-class individuals, were perceived to 
be higher in competence but lower in warmth, whereas low-
status groups, including lower-class individuals, were per-
ceived to be lower in competence but higher in warmth. In 
another article, across 20 countries, participants in more 
unequal countries displayed a heightened tendency to per-
ceive the rich not only as more competent than the poor, but 
also as less warm (Durante et al., 2017).

A final perspective suggesting links between inequality 
and social class stereotyping involves social comparison 
processes, whereby evaluations of stimuli depend upon 

relative comparisons (Festinger, 1954; Gerber et al., 2018). 
Such comparisons often lead to contrast effects, with stimuli 
judged as increasingly different from that with which they are 
compared (e.g., Higgins & Lurie, 1983; Manis & Armstrong, 
1971). Thus, if individuals in a society display widely differ-
ing levels of social class, contrast effects could strengthen 
social class stereotypes by widening the perceived differences 
between those seen as high versus low in social class. 
Sometimes, however, assimilation effects have been observed, 
whereby stimuli are judged as increasingly similar to that 
with which they are compared (e.g., Jacowitz & Kahneman, 
1995). To account for these varied effects, Mussweiler (2003) 
proposed the selective accessibility model (SAM), which 
posits that initial “holistic assessments” of the similarity 
between stimuli result in selective attention to differences or 
similarities, producing contrast or assimilation effects, 
respectively. This implies that whether low and high SES tar-
gets will be contrasted or assimilated with each other is a 
relatively open question and will depend upon initial assess-
ments of their similarity/dissimilarity.

Testing the Effect of Socially Signaled 
Inequality on Social Class Stereotyping

Correlational evidence linking inequality to social class ste-
reotyping must be interpreted with caution. Unbiased estima-
tion of causal parameters from observational data requires 
assuming that there were no confounds unaccounted for and 
no reverse causality from outcomes to predictors (Pearl, 
2009), and both of these issues are germane to the work of 
Durante and colleagues (2013, 2017). In terms of confounds, 
one potential common cause of inequality and social class 
stereotypes is the actions of the rich themselves. Some coun-
tries are likely more characterized by oligarchy and kleptoc-
racy than others (Lambsdorff, 2001). Thus, countries high 
in such factors may become more economically unequal 
through the corrupt actions of the rich and citizens in such 
countries may also develop stronger stereotypes that the rich 
lack warmth. In terms of reverse causality, there are numer-
ous pathways by which social class stereotypes might exac-
erbate inequality, such as by excluding the poor from 
educational opportunities (Batruch et al., 2017; Goudeau & 
Croizet, 2017) or the job market (Rivera & Tilcsik, 2016). It 
is therefore important to complement correlational evidence 
with experimental approaches.

To date, experiments manipulating inequality have taken 
two general forms. In one approach, participants are led to be 
aware (or not) of inequality, for example, through viewing 
charts ostensibly depicting the inequality of their home state 
(Côté et al., 2015). Alternatively, participants have played 
interactive games in which the distribution of players’ 
resources is manipulated (e.g., Hackel & Zaki, 2018; Nishi 
et al., 2015; Payne et al., 2017). Both approaches provide 
face-valid ways of affecting individuals’ direct awareness of 
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inequality. However, both have limitations. For example, evi-
dence suggests that most people are unaware of the extent of 
inequality within their societies (Norton & Ariely, 2011), so 
inducing explicit awareness of inequality may not directly map 
how inequality generally operates. Similarly, effects of brief, 
micro-level inequalities within economic games may also dif-
fer qualitatively from the effects of the more consequential and 
broad economic inequalities that characterize societies.

In light of these limitations, we developed a third 
approach to manipulating exposure to inequality. Numerous 
studies reveal that participants infer SES from others’ 
appearance (e.g., Becker et al., 2017; Gillath et al., 2012). 
Building on these findings, we reasoned that participants 
would not only perceive the relative social class of target 
individuals, but also the level of socioeconomic inequality 
among groups. Following Kraus and colleagues (2017), we 
reasoned that, in more unequal societies, individuals are 
likely to be exposed to greater socially signaled inequality. 
For example, in unequal San Francisco, which ranks high 
among U.S. cities on both homelessness (M. Henry et al., 
2017) and millionaires per capita (Wealth-X, 2018), resi-
dents’ social environments are more likely to contain a com-
bination of signals of extreme poverty and signals of extreme 
wealth. Granted, social class segregation may mean that 
relative increases in inequality do not always impact indi-
viduals’ exposure to socially signaled inequality (e.g., 
Reardon & Bischoff, 2011). However, our assumption is not 
that inequality is always associated with greater exposure to 
socially signaled inequality, only that it increases the likeli-
hood of such exposure.

The Present Research

Taking this methodological approach, and guided by the ste-
reotype content model, we conducted three experiments all 
using the same core procedure. In each, participants were 
exposed to groups of target individuals displaying varying 
levels of socially signaled inequality, and were asked to rate 
targets on perceived warmth and competence. This allowed 
us to investigate the effect of exposure to more or less 
unequal social groups on stereotypes of low-, middle-, and 
high-income targets. Each experiment tested confirmatory 
hypotheses preregistered on the Open Science Framework 
(OSF) and incorporated exploratory elements investigating 
further potential effects of exposure to inequality.1

Development of Social-Signaling 
Materials

Photo Collection and Selection

We gathered hundreds of full-body photos of adult Americans, 
recruiting volunteers in public places and searching online. 
Due to their greater initial prevalence in our photos, we 
selected 149 images of White adults (66 females) and had 

each rated on perceived income and age by 61 U.S.-based 
adults (no other demographics were recorded) recruited 
through Amazon’s Mechanical Turk (MTurk). Male targets’ 
mean perceived incomes showed more variation than 
females’ (SDmale = US$27,032, SDfemale = US$12,689), so 
we focused on males to maximize perceived income inequal-
ity in our stimuli. Based on photos’ mean income and age 
ratings, we created four groups of targets, each containing 21 
photos (see Figure 1). We called these groups “Unequal” 
(containing low-, middle-, and high-income targets), “Equal-
Low,” “Equal-Middle,” and “Equal-High” (containing 
only low-, middle-, and high-income targets, respectively). 
Importantly, some targets were included in both the Unequal 
and each of the Equal groups, meaning these targets would 
be judged in both relatively unequal and equal groups.2 Also 
important to note is that the unequal groups were not unequal 
to precisely the same extent. Based on each photo’s mean 
perceived incomes, we calculated Gini coefficients of each 
target group: Unequal = 0.29, Equal-Low = 0.09, Equal-
Middle = 0.05, and Equal-High = 0.13. Each group of tar-
gets was approximately matched on average age. The photo 
collection protocol, as well as all studies presented below, 
was approved by our university’s Committee for the 
Protection of Human Subjects.

Pilot Studies

We ran two pilots to ensure that the target groups were per-
ceived as varying in inequality. The first used a within-sub-
jects design; 43 MTurk participants viewed images depicting 
each of the four target groups in 3 × 7 grids. Participants 
were instructed to think of each group as a “kind of a minia-
ture society” and to judge “how equally or unequally income 
is distributed in each miniature society based on how the 
individuals look.” Participants responded to a single item: 
“From 1 to 10, how unequal do you think each group is?” 
The second pilot mimicked this procedure but used a 
between-subjects design, with 169 MTurk participants rating 
one group each. Results suggested the manipulation func-
tioned as intended, with the Unequal group perceived as dis-
playing higher income inequality than each Equal group in 
both pilots (all p < .001, see Figure 1). For additional details 
on these piloting data, see Supplementary Materials.

Study 1

Study 1’s preregistration stated our interest in exploring how 
exposure to socially signaled inequality would affect percep-
tions of the warmth and competence of the targets, but it 
should be noted that the primary goal of Study 1 was to test 
the effect of socially signaled inequality on spontaneous cat-
egorization of individuals by social class, measured through 
a “Who Said What” task (Taylor et al., 1978). It is therefore 
important to note that, with the exception of the Who Said 
What task, all Study 1 results reported below are exploratory 
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and their associated inferential statistics should be inter-
preted only with extreme caution.

Method

Participants

We recruited 474 participants through MTurk, but excluded 
64 participants for failing an attention check, as preregistered. 

This left a sample size of 410 (189 female, Mage = 35.2, 
SDage = 11.1).

Procedure

Target ratings. Participants were randomly assigned to view 
one of four target groups and they viewed targets one by one 
in a randomized order while rating each on perceived warmth 
and competence through 0 to 100 sliders.

Figure 1. Study 1 target groups arranged by perceived income and ratings of their perceived inequality from within- and between-
subject pilots.
Note. Bars indicate +/–1 SE.
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Who said what? task. A Who Said What? task (Taylor et al., 
1978) measured spontaneous categorization of targets 
according to social class. This method involves presenting 
socioeconomically varying targets making statements and 
analyzing participants’ recall errors. For example, if partici-
pants display a greater tendency to make “within-class” 
errors (e.g., attributing statements made by a lower SES tar-
get to another lower SES target) than “between-class” errors, 
this is interpreted as evidence of having spontaneously cog-
nitively grouped the targets by class. For further details of 
this method, see Supplementary Materials.

Demographics. Participants reported their age, gender, politi-
cal orientation (using a 10-point scale ranging from 1 = com-
pletely conservative to 10 = completely liberal), yearly 
income, and subjective SES (using the 10-point MacArthur 
ladder scale; Adler et al., 2000).

Results

Who Said What? Task

We preregistered the following confirmatory hypothesis for 
the Who Said What? task: “We expect to find evidence that 
individuals who are exposed to groups of people of more 
heterogeneous apparent socioeconomic status will display a 
heightened tendency to categorize others according to their 
socioeconomic status.”

Participants made significantly more within-class errors 
on the Who Said What? task than chance, M =.53 (SD = 0.15), 
t(380, µ = 0.5) = 3.61, p < .001, suggesting automatic cate-
gorization of targets by social class. However, within-class 
errors did not significantly differ between the Unequal, Equal-
Low, Equal-Middle, and Equal-High conditions, F(3, 377) = 
0.30, p = .82, η2 = .002, suggesting that socially signaled 
inequality did not affect categorization by social class.

Social Class Stereotypes

To assess participants’ social class stereotyping, we modeled 
nonlinear relationships between targets’ mean perceived 
incomes (from pilot ratings) and ratings of competence and 
warmth by fitting the following cross-classified hierarchical 
linear model (HLM):3

 y income incomeij j j j i ij= + + + + +β β β ζ ζ ε0 1 2
2  (1)

where i indexes participants and j indexes target photos, yij  
is the warmth or competence rating made by participant i to 
photo j, incomej  is the mean level of perceived annual 
income attributed to photo j (in units of thousands), incomej

2  
is photo mean perceived income squared, ζi  and ζ j  are 
participant-level and photo-level random intercept adjust-
ments, respectively, and εij  is the residual.

Model results suggested that perceptions of both traits 
were nonlinearly associated with targets’ perceived incomes 

(see Figure 2). Competence attributions were positively 
related to targets’ pre-rated incomes but with diminishing 
returns to perceived income, while warmth attributions fol-
lowed an inverted U-shape, with low- and high-income tar-
gets rated less warm than middle-income targets. Based on 
Nakagawa’s R2 (Nakagawa et al., 2017), competence ratings 
were more strongly related to targets’ perceived incomes, 
with income and its squared term explaining 26% of variance 
in competence attributions compared with 6% of variance in 
warmth attributions. Table 1 reports full model results.

The Effect of Inequality on Social Class 
Stereotypes

To test how social class stereotyping differed as a function of 
socially signaled inequality, we restricted data to targets 
matched across both unequal and equal groups, and fitted the 
following HLM:

 
y income income gini

income gini

ij j j i

j i j i

= + + +

+ + + +

β β β β

β ζ ζ ε
0 1 2

2
3

4 iij

 (2)

where ginii  is the Gini index of income inequality of the 
photos viewed by participant i.4 Of particular interest is the 
parameter β4 ,  which estimates the interaction effect between 
targets’ perceived income and target group inequality on 
ratings.

Competence. For competence, the interaction term between 
target mean income and target group Gini in Model 2 
appeared robustly positive, β

β




( )SE  = 0.809(0.131), 95% 
confidence interval (CI) = [0.551, 1.063], t(576) = 6.194, 
p < .001, d = 0.745 (see the bottom left panel of Figure 2). 
In concrete terms, model results suggested that when viewed 
in a group with a Gini of 0.2 compared with a Gini of 0.05, 
targets with mean perceived incomes of US$120,000 would 
be rated as 10.5% more competent, while targets with mean 
perceived incomes of US$30,000 would be rated as 15.3% 
less competent.

Warmth. For warmth, the interaction term between target 
mean income and target group Gini in Model 2 was also pos-
itive, β

β




( )SE  = 0.412(0.130), 95% CI = [0.158, 0.667], 
t(606) = 3.173, p = .002, d = 0.37 (see the bottom right 
panel of Figure 2). In concrete terms, model results sug-
gested that when viewed in a group with a Gini of 0.2 com-
pared with a Gini of 0.05, targets with mean perceived 
incomes of US$120,000 would be rated as 5.6% more warm, 
while targets with mean perceived incomes of US$30,000 
would be rated as 9% less warm.

Moderator analyses. We tested whether participants’ SES 
(measured through a standardized composite of subjective 
SES and income, which correlated at r = .59) and political 
ideology (our 10-point liberalism/conservatism scale renamed 
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“liberalism” due to higher scores indicating more liberal poli-
tics) moderated the observed two-way interactions between 
target income and target group Gini on judgments of warmth 
and competence. One moderating effect appeared potentially 
important, which was a large three-way interaction term 
between participants’ liberalism, target income, and target 
group Gini, β

β




( )SE  = −0.183(0.056), 95% CI = [–.292, 
–0.074], t(579) = 3.267, p = .001, d = −1.65. However, 
while we subsequently followed up on this interaction, it 
failed to replicate in later analyses, so we relegate further 
details of these analyses to Supplementary Materials.

Discussion

Study 1 produced exploratory findings that—consistent with 
past research (Cuddy et al., 2009; Durante et al., 2017; Fiske 
et al., 2002)—higher income targets were rated as more com-
petent than lower income targets, and middle-income targets 
were rated as warmer than both low- and high-income tar-
gets. Importantly, these stereotypes also appeared to be mod-
erated by the socially signaled inequality of the groups in 
which targets were presented. Consistent with Durante and 
colleagues’ (2017) correlational findings, low-income tar-
gets were perceived as less competent when judged in more 

unequal target groups. However, in contrast to Durante and 
colleagues’ results, which were driven primarily by lower 
attributions of competence to the poor in more unequal 
nations, we found high-income targets to be perceived as 
more competent in more unequal target groups. Our findings 
regarding warmth also appeared to depart from Durante and 
colleagues’ findings. While they found the rich to be per-
ceived as less warm in more unequal countries, we found 
high-income targets to be perceived as warmer, and low-
income targets to be perceived as less warm, when viewed 
amid greater inequality. While exploratory, these results sug-
gested the possibility that rather than socially signaled 
inequality producing ambivalent stereotypes of the rich and 
poor, it may in fact lead to uniformly positive perceptions of 
high-income individuals and uniformly negative perceptions 
of low-income individuals in terms of both competence and 
warmth.

Study 2

Study 2 sought to confirm Study 1’s exploratory findings and 
extend upon them in several ways. First, Study 1’s targets 
were all White males. In Study 2, we used photographs of 
targets varying in race and gender to increase the ecological 

Figure 2. Study 1 results.
Note. Top panels show all targets plotted according to their perceived incomes and perceived levels of competence and warmth. Bottom panels show 
rating data from matched targets and fitted relationships from each fitted Model 2. Shaded regions indicate 95% confidence intervals. Points are colored 
according to target group Ginis.
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validity and generalizability of its findings. Second, to 
explore potential downstream consequences of exposure to 
inequality, we measured participants’ feelings of subjective 
warmth toward each target, as well as other constructs related 
to attitudes toward inequality. Finally, Study 2 moved beyond 
the MTurk sample in Study 1 by collecting a large sample of 
in person volunteer participants.

Method

Participants

We recruited 1,456 volunteer participants from and around a 
large West Coast public university campus. As preregistered, 
we excluded participants who failed an attention check, 
leaving a final sample of 1,157 participants (671 female, 
Mage = 23.1, SDage = 8.1; 426 Asian, 360 White, 231 Latino, 
52 Black, and 85 Other).

Procedure

Target photos. We selected 150 target photos of mixed race 
and gender, choosing 30 Black females, 30 White females, 
45 Black males, and 45 White males, such that each group 
was equally represented by apparently low-income, middle-
income, and high-income targets (e.g., among the 30 Black 
females, 10 were chosen as appearing low-, middle-, and 
high-income). These choices were initially made subjec-
tively by our research team, but were subsequently validated 
by the study data (see “Manipulation checks” below).

Target group randomization. Participants were randomly 
assigned with varying probabilities to four conditions: 
Unequal (50% probability: N = 570), Equal-Low (16.7% 
probability: N = 206), Equal-Middle (16.7% probability: 
N = 180), and Equal-High (16.7% probability: N = 197). 
Unlike Study 1, unique groups of eight photos were ran-
domly chosen for each participant from condition-specific 
photo pools. For example, participants in the Equal-Low, 
Equal-Middle, and Equal-High groups viewed eight photos 
chosen randomly from the low-income, middle-income, and 
high-income photos, respectively. Participants in the Unequal 
condition viewed eight photos chosen randomly from all 150 
target photos. This procedure was designed to achieve the 
following goals: (a) target photos varied in terms of their per-
ceived incomes, (b) target groups varied in terms of their 
level of socially signaled income inequality, and (c) each tar-
get photo was rated approximately as many times in rela-
tively equal and unequal target groups.

Demographics. Participants reported their demographic 
information as in Study 1.

Target ratings. Participants first viewed their eight targets one 
by one without making any ratings. Following this, the same 
eight targets were again presented and participants rated each 

target on perceived warmth and competence on 0 to 100 slid-
ers. Participants also rated targets on perceived age in 5-year 
intervals ranging from “less than or 15 years” to “76 years or 
older,” and income in US$10,000 intervals ranging from 
“$0-10,000” to “$200,001 or over.” Participants also com-
pleted a feeling thermometer measure regarding each target 
(“If 10 = ‘warmest feelings’ and 0 = ‘coldest feelings,’ how 
warm or cold would you feel toward this person?”; 0–10 
scale).

Political/ideological items. Six items were included to measure 
political and ideological attitudes for exploratory purposes. 
Two were drawn from the System Justification Scale (SJS; 
Jost & Kay, 2005), two from the Multidimensional Class 
Consciousness Scale (MCCS; Keefer et al., 2015), and two 
from the Symbolic Racism Scale (SRS; P. J. Henry & Sears, 
2002) for purposes unrelated to the present study. For more 
details see Supplementary Materials.

Hypotheses. We preregistered the following confirmatory 
hypotheses:6

Hypothesis 1: Among all participants, there will be an 
overall nonlinear relationship between perceived income 
and perceived target competence, such that higher income 
targets are perceived to be more competent but with 
diminishing marginal returns to extra income at higher 
perceived income levels.
Hypothesis 2: The inequality of target groups7 will mod-
erate the effect of perceived target income on perceived 
target competence. When inequality is higher, high-
income targets will be perceived as more competent but 
low-income targets will be perceived as less competent.
Hypothesis 3: Among all participants, there will be an 
overall nonlinear relationship between perceived target 
income and perceived target warmth, with low-income 
targets perceived as least warm and middle-income tar-
gets perceived as most warm.
Hypothesis 4: The inequality of target groups will mod-
erate the effect of perceived target income on perceived 
target warmth. With higher income inequality, low-
income targets will be perceived as less warm, while 
high8-income targets will be perceived as more warm.
Hypothesis 5: This two-way interaction will be moderated 
by participant political ideology. When inequality is high 
and participants are liberal-leaning, high-income targets 
will be perceived as less warm (political ideology will not 
moderate the interaction between photoset inequality and 
perceived income on perceived competence).

Results

Manipulation Checks

We measured exposure to socially signaled inequality indi-
vidually for each participant by computing the unique Gini 



Connor et al. 97

index of income inequality of their set of eight targets’ mean 
perceived incomes. This allowed us to account for each tar-
get group’s unique level of inequality, while still being 
able to treat both targets’ perceived income levels and tar-
get group inequality as randomly assigned variables. 
Manipulation checks indicated that targets’ mean perceived 
incomes aligned with our prior subjective assortment of the 
targets into high- (M = US$90,314, SD = US$12,351), mid-
dle- (M = US$62,174, SD = US$11,822), and low-income 
(M = US$47,997, SD = US$9,754) groups, with each pair-
wise difference significant at p < .001, and that participants’ 
individual Gini scores were significantly higher for partici-
pants assigned to the Unequal condition (M = 0.16, SD = 
0.04) than the Equal-high (M = 0.07, SD = 0.02), Equal-
middle (M = 0.09, SD = 0.04), and Equal-low conditions 
(M = 0.11, SD = 0.03), with each pairwise difference 
between Unequal and Equal groups significant at p < .001.

Confirmatory Analyses

Social class stereotypes. We again modeled social class ste-
reotyping on the dimensions of warmth and competence 
through the Model 1 described above. As predicted, the tar-
gets’ mean perceived incomes were associated with both 
perceived competence and warmth in a nonlinear fashion, 
with a positive but diminishing curve for competence and 

an inverted U-shaped pattern for warmth (see Figure 3 and 
Table 2). The effect was again much stronger for compe-
tence perceptions, with Nakagawa’s R2 statistics suggesting 
perceived incomes and their squared term accounting for 
18.4% of variance in perceived competence but just 2% of 
variance in perceived warmth.

The effect of inequality on social class stereotypes. We again 
modeled how the socially signaled inequality in target groups 
moderated social class stereotyping through the Model 2 
described above.

Competence. For competence, the interaction effect 
between target mean income and target group Gini in Model 
2 was positive and significant, β

β




( )SE  = 0.410(0.158), 95% 
CI = [0.098, 0.720], t(8,363) = 2.583, p (unadjusted) = .01, 
d = 0.19 (see Table 2 and Figure 3). In concrete terms, model 
results suggested that in a group with a Gini of 0.2 compared 
with a Gini of 0.05, targets with mean perceived incomes of 
US$120,000 would be rated as 5.5% more competent, while 
targets with mean perceived incomes of US$30,000 would 
be rated as 3.3% less competent.

Warmth. For warmth, the interaction term between target 
mean income and target group Gini in Model 2 was positive 
but not statistically significant, β

β




( )SE  = 0.253(0.17), 95% 

Table 2. Study 2 HLM Results.

Outcome = competence Outcome = warmth

 Model 1 Model 2 Model 1 Model 2

Estimates β β




( )SE p β β




( )SE p β β




( )SE p β β




( )SE P

Fixed effects
 Intercept 21.321(4.217) <.001 25.39(4.735) <.001 32.319(5.365) <.001 35.847(5.832) <.001
 Income 0.862(0.125) <.001a 0.786(0.128) <.001 0.774(0.159) <.001a 0.723(0.163) <.001
 Income2 −0.003(0.001) <.001a –0.003(0.001) <.001 −0.005(0.001) <.001a –0.005(0.001) <.001
 Gini –22.449(13.04) 0.085 –20.668(13.601) .129
 Income × Gini 0.409(0.158) .016a 0.253(0.17) .155

 SD N SD N SD N SD N

Random effects
 Participant 10.47 1,152 10.42 1152 9.68 1153 9.7 1,153
 Photo 5.36 150 5.33 150 6.94 150 6.93 150
 Residual 13.29 9,065 13.3 9,065 14.75 9,105 14.75 9,105

 χ2
(df)b p χ2

(df)b p χ2
(df)b p χ2

(df)b p

Model comparison 172.922(2) <.001 7.619(2) .022 21.977(2) <.001 2.405(2) .3

 R2c R2c R2c R2c  

Model fit .184 .177 .023 .034  

Note. HLM = hierarchical linear model.
aBolded p values have been adjusted using the Benjamini–Hochberg procedure (Benjamini & Hochberg, 1995). bModel comparisons for Model 1 compare 
its fit with a null model including only random effects; model comparisons for Model 2 compare its fit with adjacent Model 1. cR2 refers to Nakagawa’s R2 
(Nakagawa et al., 2017).
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CI = [–0.08, 0.586], t(7,897) = 1.493, p (unadjusted) = .14, 
d = 0.12 (see Table 2 and Figure 3).

Liberalism. Unlike Study 1, participants’ liberalism did 
not negatively interact with target perceived income and 
target group inequality, with the three-way interaction term 
positive and nonsignificant β

β




( )SE  = 0.138(0.089), 95% CI 

= [–0.036, 0.313], t(7991) = 1.559, p (unadjusted) = .119, 

d = −0.51. For more details see Supplementary Materials.

Adjustment for multiple comparisons. We adjusted eight key 
p values corresponding to our six preregistered confirmatory 
predictions (tests of the predicted nonlinear relationships in 
Hypotheses 1 and 3 required two p values each for income 
and income squared) using the Benjamini–Hochberg proce-
dure (Benjamini & Hochberg, 1995). Adjustments did not 
alter any conclusions (see Table 2).

Exploratory analyses
Thermometer warmth and perceived income. Exploratory 

models tested the two-way interactions between targets’ 
mean perceived incomes and target group inequality predict-
ing (a) ratings of thermometer warmth toward targets, and  
(b) the perceived incomes of targets. In both cases, we 

Figure 3. Study 2 results.
Note. Top panels show targets plotted according to their perceived incomes and perceived competence and warmth. Bottom panels show individual 
rating data and fitted relationships from each Model 2. Shaded regions indicate 95% confidence intervals. Points are colored according to target group 
Ginis.

observed positive interaction effects, although smaller and non-

significant for thermometer warmth, β
β





( )SE  = 0.035(0.021), 

95% CI = [–0.007, 0.075], t(6890) = 1.642, p (unadjusted) = 
.10, d = −0.14, and larger and more apparently robust for per-
ceived incomes, β

β




( )SE  = 1.113(0.221), 95% CI = [0.680, 
1.547], t(8968) = 5.034, p (unadjusted) < .001, d = −0.30. 
However, while we subsequently followed up on these interac-
tions, both failed to replicate, so we relegate further discussion 
and details of these analyses to Supplementary Materials.

Political/ideological items. We fit exploratory ordinary least 
squares (OLS) models testing for effects of socially signaled 
inequality on the included SJS and MCCS items. No notable 
effects emerged (all p > .14, all η2< .003) and we did not 
follow up on these analyses. See Supplementary Materials 
for further details.

Discussion

Study 2 provided further evidence that exposure to socially 
signaled inequality amplifies social class stereotyping on the 
dimension of competence, with high-income targets appear-
ing more competent and low-income targets appearing less 
competent in more unequal judgment contexts.
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Conversely, unlike Study 1, exposure to socially signaled 
inequality did not significantly affect social class stereotyp-
ing on the dimension of warmth. We also did not find support 
for the prediction that liberalism would moderate the two-
way interaction between target income and target group 
inequality on warmth ratings.

However, despite these results, we noted that randomly 
assigning target groups inadvertently weakened our inequal-
ity manipulation. For example, the average Gini for partici-
pants in the Unequal condition in Study 2 was 0.16; by 
comparison, in Study 1, it had been 0.29. So, while we 
observed substantially smaller effects and null results in 
Study 2, this weakened manipulation of inequality lent ambi-
guity to these findings.

Study 2 also produced an exploratory observation that 
socially signaled inequality appeared to increase the per-
ceived incomes of high-income targets and decreased the 
perceived incomes of low-income targets. We considered 
this interesting for two reasons. First, we considered that it 
potentially spoke to mechanism because while a heightened 
salience of social class or social comparisons could easily 
explain an effect on perceived incomes in this way, we found 
it much less obvious why system-justifying motivations 
would produce this effect, given that it creates greater per-
ceived inequalities to be rationalized away. Second, we con-
sidered it suggestive of potential political consequences of 
inequality; if high-income targets appear more competent 
and also appear to earn more income amid greater inequality, 
they might also appear deserving of higher incomes, thereby 
reducing opposition to inequality. Study 3 investigated this 
possibility.

Study 3

Study 3’s methods closely mirrored those of Study 2, but 
with three key changes. First, we strengthened the inequality 
manipulation as described below. Second, we measured not 
only perceptions of targets’ incomes, but also perceptions of 
targets’ deserved incomes. To facilitate this, we displayed an 
occupation for each target below his or her image, reasoning 
that this would increase the plausibility of the task of esti-
mating a deserved income for each target.

Method

Participants

We recruited 747 participants (421 female, 11 non-gender-
conforming, Mage = 21.2, SDage = 6, 347 Asian, 206 White, 
124 Latino, eight Black, and 60 Other) from and around a 
large west coast public university campus by approaching 
individuals and asking them to complete a survey using a 
tablet. Based on an examination of excluded participants in 
Study 2, we preregistered that all participants would be 
included in analyses.

Procedure

Target photos and occupations. We selected 60 target photos 
used in Study 2 (14 females, 26 Black), choosing 20 photos 
each from the top, middle, and lowest thirds of the distribu-
tion of photos’ mean perceived incomes. High-income tar-
gets were assigned relatively high-income occupations (e.g., 
lawyer, business manager), middle-income targets were 
assigned middle-income occupations (e.g., teacher, social 
worker), and low-income targets were assigned relatively 
low-income occupations (e.g., janitor, usher), based on 
income statistics from the Bureau of Labor Statistics (https://
www.bls.gov/oes/tables.htm).

Target group randomization. Target group randomization fol-
lowed Study 2, except that participants in the Unequal condi-
tion viewed three targets each from the low-income, 
middle-income, and high-income targets. Participants in the 
Equal-Low, Equal-Middle, and Equal-High conditions each 
viewed nine photos chosen randomly from the low-, middle-, 
and high-income targets, respectively.

Demographics. Participants reported their demographic 
information as in the first two studies.

Target ratings. Instructions and rating scales largely followed 
Study 2, but after rating apparent income, participants were 
also asked to rate deserved levels of income: “Based on their 
occupation, what do you consider an appropriate annual income 
for this person?” In addition, we did not measure apparent age.

Hypotheses. We preregistered seven total confirmatory 
hypotheses. The first four mirrored Hypotheses 1 to 4 in 
Experiment 2, and Hypotheses 5 to 7 were as follows:

Hypothesis 5: There will be an overall nonlinear relation-
ship between perceived target income and participants’ 
warmth toward targets, with warmth highest toward mid-
dle-income targets and lower toward high- and low-
income targets.
Hypothesis 6: The inequality of photosets will moderate 
the effect of perceived target income on warmth toward 
targets. With higher photoset inequality, participants will 
report feeling warmer toward high-income targets and 
less warm toward lower income targets.
Hypothesis 7: Photoset inequality will also affect tar-
gets’ perceived incomes. With higher inequality, high-
income targets will appear to have higher incomes, and 
low-income targets will appear to have lower incomes.

Results

Manipulation Checks

Manipulations of targets’ perceived incomes and target group 
inequality functioned as anticipated. Targets’ mean perceived 

https://www.bls.gov/oes/tables.htm
https://www.bls.gov/oes/tables.htm
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incomes aligned with their assortment to high- (M = 
US$116,092, SD = US$16,478), middle- (M = 67,411, SD = 
US$11,260), and low-income (M = 40,145, SD = US$4,491) 
groups, with each pairwise difference significant, p < .001, 
and participants’ individual Ginis were higher for participants 
assigned to the Unequal condition (M = 0.24, SD = 0.02) 
than the Equal-high (M = 0.07, SD = 0.02), Equal-middle 
(M = 0.05, SD = 0.01), and Equal-low conditions (M = 0.08, 
SD = 0.02), with each pairwise difference between Unequal 
and Equal groups significant, p < .001.

Confirmatory Analyses

Social class stereotypes. We again fit cross-classified HLMs of 
Forms 1 and 2 predicting competence and warmth ratings. 
Results showed that the predicted nonlinear relationship 
between targets’ mean perceived incomes and competence rat-
ings was observed (see Figure 4), with targets’ mean perceived 
incomes accounting for 15.9% of variance in competence attri-
butions (see Table 3). However, we did not observe a signifi-
cant relationship between targets’ mean perceived incomes and 
warmth ratings. Mean perceived income and its square 
explained just 1.4% of variance in warmth ratings and neither 
mean income nor its square was significant (see Table 3).

The effect of inequality on social class stereotypes
Competence. For competence, the interaction effect 

between target mean income and target group Gini in Model 
2 was positive and significant, β

β




( )SE  = 0.397(0.098), 95% 
CI = [0.205, 0.588], t(2,382) = 4.065, p (unadjusted) < .001, 
d = 0.35 (see Table 3 and Figure 4). In concrete terms, model 
results suggested that in a group with a Gini of 0.2 compared 
with a Gini of 0.05, targets with mean perceived incomes of 
US$120,000 would be rated as 3.2% more competent, while 
targets with mean perceived incomes of US$30,000 would 
be rated as 5.7% less competent.

Warmth. For warmth, contrary to predictions, the interac-
tion term between target mean income and target group Gini 
was negative and just significant prior to adjustment of p values, 
β

β




( )SE  = −0.0002(0.0001), 95% CI = [–0.0004, –0.00001], 
t(2,157) = −2.107, p (unadjusted) = .04, d = −0.18 (see 
Table 3 and Figure 4). However, this result was not significant 
after adjustment for multiple comparisons (see below).

Thermometer warmth. For thermometer warmth, con-
trary to predictions, we observed no significant nonlinear 
relationship between targets’ mean perceived incomes 
and thermometer warmth toward targets, with both mean 

Figure 4. Study 3 results.
Note. Top panels show targets plotted according to their mean perceived incomes and mean perceived levels of competence (left) and warmth (right). 
Bottom panels show individual rating data and fitted relationships from each Model 2. Shaded regions indicate 95% confidence intervals. Points are 
colored according to target group Ginis.



Connor et al. 101

perceived incomes and their square nonsignificant (both 
unadjusted ps > .11). We also observed no significant inter-
action term between perceived incomes and target group 
Gini, 

˘( )˘β
β

SE  = 0.0001(0.012), 95% CI = [–0.024, 0.024], 
t(2,116) = 0.012, p (unadjusted) = .99, d = −0.001.

Perceived incomes. For perceived incomes, contrary to 
predictions, we observed no significant interaction term 
between targets’ mean perceived incomes and target group 
Gini, β

β




( )SE  = 0.077(0.143), 95% CI = [–0.205, 0.358], 
t(3,222) = 0.534, p (unadjusted) = .593, d = −0.03. See 
Supplementary Materials for further details.

Adjustment for multiple comparisons. We adjusted 10 key 
p values corresponding to our seven preregistered confirma-
tory hypotheses, using the Benjamini–Hochberg procedure 
(tests of the predicted nonlinear relationships in Hypotheses 
1, 3, and 5 required two p values each). Adjustments altered 
one conclusion: the interaction predicting perceived warmth 
became nonsignificant (see Table 2).

Exploratory analyses
Perceived deserved income. For perceived deserved incomes, 

we observed no notable interaction between targets’ mean per-
ceived incomes and target group Gini, β

β




( )SE  = −0.007(0.153), 

Table 3. Study 3 HLM Results.

Estimates

Outcome = competence Outcome = warmth

Model 1 Model 2 Model 1 Model 2

β β




( )SE p β β




( )SE p β β




( )SE p β β




( )SE p

Fixed effects
 Intercept 32.507(3.768) <.001 39.443(4.139) <.001 53.018(7.141) <.001 50.801(7.349) <.001
 Income 0.664(0.099) <.001c 0.571(0.102) <.001 0.196(0.19) .382c 0.244(0.191) .206
 Income2 −0.003(0.001) <.001c −0.002(0.001) <.001 −0.002(0.001) .283c −0.002(0.001) .165
 Gini −32.133(8.734) <.001 8.159(8.716) .349
 Income × Gini 0.397(0.098) <.001c −0.21(0.1) .088c

 SD N SD N SD N SD N

Random effects
 Participant 11.46 747 11.28 747 10.46 747 10.39 747
 Photo 4.00 60 3.98 60 8.04 60 8.05 60
 Residual 14.55 6,576 14.55 6,576 16.05 6,591 16.05 6,591

 χ2 (df)a p χ2
(df)a p χ2 (df)a p χ2 (df)a p

Model comparison 91.982(2) 0 16.734(2) 0 5.447(2) .066 6.436(2) .04

 R2b R2b R2b R2b  

Model fit .159 .139 .015 .014  

Note. HLM = hierarchical linear model.
aModel comparisons for Model 1 compare its fit with a null model including only random effects; model comparisons for Model 2 compare its fit with the 
previous Model 1. bR2 refers to Nakagawa’s R2 (Nakagawa et al., 2017). cBolded p values have been adjusted using the Benjamini–Hochberg procedure 
(Benjamini & Hochberg, 1995).

95% CI = [–0.307, 0.294], t(3,318) = −0.046, p (unadjusted) = 
.964, d = −0.03. See Supplementary Materials for details.

Discussion

Study 3 replicated results from Studies 1 and 2 for the compe-
tence dimension: Amid greater socially signaled inequality, 
participants again attributed greater competence to higher 
income targets and decreased competence to lower income tar-
gets. However, contrary to Studies 1 and 2, we observed no 
significant overall nonlinear social class stereotyping effect on 
the warmth dimension and an interaction in the opposite direc-
tion to the effects observed in Studies 1 and 2 that became 
nonsignificant after adjustment for multiple comparisons.

This lack of a significant relationship between targets’ mean 
perceived incomes and attributions of warmth was surprising, 
given our previous results. However, the previous warmth-
related results were much weaker than those of competence, 
suggesting that this dimension of social class stereotyping may 
be more unstable and varying, depending upon stimulus and 
context-related factors. In hindsight, we also speculate that the 
specific professions assigned to targets (e.g., “Chief Executive”) 
engendered warmth stereotypes for reasons unrelated to social 
class (e.g., He et al., 2019) and this may have decreased the 
effect of perceived incomes below a detectable level.
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Other confirmatory tests found no significant moderating 
effect of socially signaled inequality on thermometer warmth 
or perceived incomes and exploratory analyses also revealed 
no notable interaction in predicting perceived deserved 
incomes. Of these results, the null for perceived incomes was 
particularly surprising as this effect had appeared robust in 
Study 2, even if exploratory. Speculatively, we considered 
that this may also have been caused by the assignment of 
occupations to photos. Compared with Study 2, in which par-
ticipants rated the perceived incomes of targets simply based 
on their appearance, the occupations may have provided par-
ticipants with a firmer reference point on which to base their 
judgments, making it harder to shift those judgments through 
experimental manipulation.

Power and Strength of Evidence

Across all three studies, one effect stands out as robust: the 
moderation of social class competence stereotypes by socially 
signaled inequality. However, given the range of effects tested 
within each study and our use of a relatively unique experi-
mental paradigm and complex modeling approach, it is 
important to note that sample sizes (postexclusion Ns = 410, 
1,157, and 747) were maximized within resource and budget-
ary constraints in an attempt to achieve as high a statistical 
power as possible, without any a priori power analyses spe-
cifically targeted at this effect. Consequently, to better under-
stand our statistical power to detect this effect, we conducted 
post hoc power sensitivity analyses.

Because this effect was an exploratory finding in Study 1, 
we focused on Studies 2 and 3, as these were its key confir-
matory tests, and estimated the power of each sample size to 
detect effects of different sizes using a nonparametric boot-
strapping approach. This approach is explained in more 
detail in Supplementary Materials and essentially involves 
(a) making minor synthetic additions or subtractions to the 
outcome variable (competence ratings) that produce a new 
effect size θ , (b) resampling N cases with replacement from 
the altered data and rerunning statistical models, and (c) 
repeating step (b) 1,000 times and recording the proportion 
of tests that are statistically significant. This yields an esti-
mate of the power of the experimental design and model at 
sample size N to detect effect size θ .

The results suggested that both Study 2 and Study 3 were 
well powered to detect small to medium effects (Study 2 
achieved 80% power at d = 0.26, Study 3 at d = 0.31). 
However, in terms of observed effects, the story is more 
complex. The observed effect size for the competence inter-
action fluctuated across studies (ds = 0.74, 0.18, and 0.35). 
So, while Studies 2 and 3 had high power (>95%) to detect 
the effect sizes observed in Studies 1 and 3, both were under-
powered to detect the effect observed in Study 2 (53% and 
23%, respectively).

One reason why the observed effect sizes may have varied 
so widely is the aforementioned inadvertent weakening of 

the inequality manipulation in Study 2. However, another 
possibility is simply sampling variability, which is expected 
to produce inconsistent results in the presence of true effects 
(Lakens & Etz, 2017).

Nonetheless, Studies 2 and 3 provide robust evidence for 
this effect. Both studies preregistered directional predictions 
and both found significant evidence against the null in the 
predicted direction, with exact (two-tailed) p values obtained 
after adjustment .016 and .00017. Even if we assume power 
of just 50% for both tests, two successes in two tries remain 
100 times more likely under the alternative than the null 
hypothesis (Lakens & Etz, 2017). Despite the inconsistency 
of the effect sizes, we therefore believe that we can confi-
dently reject the null for the competence interaction effect.

General Discussion

Given the emergent interest within social psychology in 
experimentally investigating how increasing inequality 
shapes psychological processes and outcomes, we tested 
whether socially signaled economic inequality amplifies 
social class stereotypes. Building on past studies showing that 
nation-level economic inequality predicted social class ste-
reotypes of competence and warmth (Durante et al., 2017), 
we exposed participants to varying levels of socially signaled 
inequality (Kraus et al., 2017) and observed that merely 
exposing individuals to groups of targets displaying greater 
economic inequality reliably led to increased stereotyping on 
the dimension of competence. Across three experiments, 
high-income targets were judged more competent when they 
appeared amid more unequal groups, and low-income targets 
were judged less competent when they appeared in more 
unequal groups. This in part aligns with correlational data 
regarding stereotypes of the poor in more or less unequal 
nations (Durante et al., 2017) and is consistent with past theo-
rizing about the effect of income inequality (Durante et al., 
2013; Kraus et al., 2017), as well as past observations of 
social-comparative contrast effects (Mussweiler, 2003).

This result illuminates potentially important implications 
of rising inequality. Increased stereotyping of the wealthy as 
possessing, and the poor as lacking, competence may hinder 
social mobility by amplifying exclusion of lower income 
individuals from academic (Batruch et al., 2017; Goudeau & 
Croizet, 2017) and employment opportunities (Lott, 2002; 
Rivera & Tilcsik, 2016). Similarly, although we did not find 
evidence of downstream effects on political beliefs, an 
increased association between social class and competence 
may also allow for increased rationalization of inequality by 
enhancing perceptions that the wealthy and the poor have 
earned their respective resources through personal merit 
(Starmans et al., 2017).

By contrast, we observed no consistent effects of socially 
signaled inequality on perceptions of targets’ warmth. 
However, we believe that this result may itself be theoreti-
cally important. As discussed above, one prominent school 
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of thought in social psychology has held that inequality may 
create ambivalent stereotyping of the rich and poor on 
dimensions of warmth and competence, with stereotypes 
functioning as both explanations and compensations for 
inequality (Durante et al., 2013, 2017) Here, however, we 
observed a consistent and robust effect of socially signaled 
inequality on the dimension of competence but not on the 
dimension of warmth. In fact, we found social class stereo-
typing regarding warmth to represent a far weaker effect 
than social class stereotyping regarding competence in gen-
eral. Together, we believe that these findings cast doubt on 
the notion that stereotypes of warmth play a compensatory 
role for increasing inequality within societies. We believe 
that future work should look to investigate this further.

One limitation of the present research is that while we find 
evidence consistent with a range of plausible mechanisms by 
which socially signaled inequality might amplify social class 
stereotyping, we cannot adjudicate between them. As dis-
cussed above, the exploratory finding of an effect on perceived 
incomes in Study 2 appeared difficult to explain solely by ref-
erence to Durante and colleagues’ SJT-focused theorizing, but 
this effect did not replicate in Study 3 and, even if veridical, 
does not preclude system justification motives being the pri-
mary driver of the other observed stereotyping effects.

In addition, our method makes, but does not test, the 
assumption that inequality is associated with an increased 
likelihood of exposure to socially signaled inequality. It 
would be interesting for future work to address this issue as 
the present results suggest that this may be key to under-
standing one mechanism by which inequality exerts effects.

Finally, although we found similar effects on the compe-
tence dimension among both an MTurk sample and an ethni-
cally diverse sample of volunteers, our samples were 
predominantly Americans, so generalizability across cultures 
cannot be assumed. Past work has found social class stereo-
types to be similar around the world (Durante et al., 2013; 
Fiske et al., 2007), but this does not guarantee that inequality 
will have similar effects across contexts (e.g., Cheung, 
2016). Future work could also investigate whether individual 
differences or contextual factors moderate these effects.
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Notes

1. Anonymous versions of preregistrations as well as all data and 
code are available at https://osf.io/e4upm/?view_only=fd59
8f1d2273492484d33a0d50c88050. Throughout the article, a 
number of exploratory analyses are relegated to Supplementary 
Materials. These were typically analyses that sought to expand 
on the core findings of this project, but which ultimately did not 
result in any clear conclusions. We mention them in the interests 
of transparency, but relegate them to Supplementary Materials 
in the interests of concision and readability.

2. Five targets appeared in both the Unequal and Equal-Low 
groups, two targets in the Unequal and Equal-Middle groups, 
and seven targets in the Unequal and Equal-High groups.

3. All hierarchical linear models (HLMs) were fit using lme4 and 
lmerTest packages in R.

4. We use the Gini index of inequality of each target group for three 
reasons. First, it reflects the fact that each target group displayed 
a unique level of socially signaled inequality. Second, Gini sta-
tistics for each target group correlated extremely highly with the 
mean subjectively perceived inequality of each group from both 
the within- (r = .95) and between-subjects (r = .97) pilot studies. 
Third, doing so allows us to fit the same model as in Studies 2 
and 3, and directly compare results across all studies.

5. Standardized effect sizes were computed using the formula, 
d bSD SDx y=2 / , which, for small effects, is equivalent to 
Cohen’s d for binary predictors (Gelman, 2008).

6. A sixth confirmatory hypothesis was also preregistered but was 
not directly related to this line of research (see Supplementary 
Materials). We adjust for this extra comparison in our p value 
adjustment below.

7. We have slightly edited the terminology of hypotheses to be 
consistent with the article. These edits make no substantive 
changes to the hypotheses.

8. This hypothesis was misstated in our preregistration and read “. . . 
while middle-income targets will be perceived as more warm.” 
The results of Study 1 show that it was high-income, not mid-
dle-income, targets previously rated as warmer in the Unequal 
condition.
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